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Introduction Results

d Cancer-subtyping iIs critically Important for understanding the Clustering Results Comparison
heterogeneity present in tumours.
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Proposed Approach for

Differential Expression Analysis Between Subtypes of Cancer
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Fig 2. Survival Analysis : Kaplan-Meier curves for cancer patients plotted for combined
expression of top 100 differentially expressed genes between respective subtypes obtained
by the proposed approach

Experimental Setup

Data sets used Method Comparison

v TCGA data sets used here are freely
available at http://www.cbioportal.org/

Conclusion

 Application of robust regression based feature weighing method, prior to
the multiple information fusion and clustering, improves the clustering

Proposed Method for Subtypes Identification

v' Each cancer has 2 histological | efficiency:.
subtypes. Compared with
Cervical Cancer  The feature weight assigned to every biomarker, efficiently captures the
Adenocarcinoma \ variation in their expression across the samples. This helps in exploring the
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